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Next two hours
How can journalists understand AI well enough to use it when it is effective, 
and also hold it accountable?
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Critical AI literacy is understanding what the system 
does, what it changes and what choices journalism 
should make, not just knowing how to use a tool.
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Before AI was a technology, AI was a story

Protector Creature Companion Threat

AI is often described as humanlike, magical or catastrophic. Those 
narratives define public expectations before the facts arrive.
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PART 1 · MYTHS, METAPHORS AND MACHINES



PART 1 · MYTHS, METAPHORS AND MACHINES

The old metaphors still shape AI discourse

→ “electronic brains”
→ conversational machines

→ AI media hype
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Hype and fear look opposite.
They often do the same work.
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“What story, movie or image 
influenced how you imagine AI?”
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DEFINITION

Critical AI literacy
How we think about AI, how we use it, how we 
teach it and how we hold it accountable.

• Move beyond buzzwords and prompts
• Understand models, systems and 
infrastructure
• Ask who benefits, who is harmed and who 
is accountable
• Make deliberate choices about what 
journalism should use AI to solve
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PART 2 · WHAT AI ACTUALLY IS

In 2026, “AI” usually means a system around a LLM
The language model is important, but so do context, retrieval, tools, permissions and workflow 
design.

User
prompt Model System

around it

• retrieval
• tools
• memory
• databases
• permissions

Better question: “What system have we built around it?”
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PART 2

LLM generates plausible continuation, not truth

The model produces text based on patterns and probabilities. It does not retrieve a fact 
the way searching a database does. Fluency is not truth.
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https://chatgpt.com/share/7280b14a-f78a-4bb4-b1a3-47c92b785cfd


PART 2

LLM generates plausible conversation
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The model also produces text based on conversational training data and human 
feedback. Hallucinations are features of LLM, not errors. 



Context window: LLM’s working desk

Everything available to the model while it is handling the current task. Maximum amount of text or other tokenized input 
available to the model.

Claude: from 200,000 tokens to up to 1 million ChatGPT: 128,000-token limit (approx. 95,000 words).

Prompt

Uploaded
docs

Search
results

CONTEXT WINDOW Generated
answer

A larger desk (context window) helps, but it does not guarantee the model will read, rank 
or interpret every document correctly.
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RAG: ask the model to use trusted material first

Retrieval-Augmented Generation (RAG) retrieves relevant source material before the model answers.

Question Search
news archive

Relevant
sources

Answer
with citations

Grounded is better than guessing. But wrong retrieval or wrong interpretation still 
produces wrong answers.
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RAG: ask the model to use trusted material first

Retrieval-Augmented Generation retrieves relevant source material before the model answers.

Question Search
news archive

Relevant
sources

Answer
with citations

Grounded is better than guessing. But wrong retrieval or wrong interpretation still 
produces wrong answers.

Based on Lewis et al., “Retrieval-Augmented Generation for Knowledge-Intensive NLP Tasks,” 2020. 12

https://notebook.google.com/notebook/17aeec70-a6d7-48d3-84fd-294b4375ebb6


MCP: a standard way to connect AI to outside systems
Think of it as “USB for AI applications” or API: a common way for an AI app to access data 
sources, tools and workflows.

AI app MCP
Files

Databases
Search

APIs

Journalism question: what can the AI read, what can it change and 
who approved those permissions?
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Agentic workflows: from answer to action
An agentic system can break a goal into steps, use tools, observe results and revise its 
next action.

Goal Plan
steps

Use
tools

Draft
output

Observe + revise

The risk changes when an AI system is allowed to take actions, not just answer 
questions.
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EXAMPLE · AGENTIC WORKFLOW

Data2Story: a virtual newsroom for data journalism

A multi-agent workflow from dataset to evidence-grounded multimedia story.

Detective Analyst Editor Designer Programmer Auditor Inspector

The workflow separates research, analysis, narrative, 
design and verification
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https://data2story.github.io/#gallery


PART 3 · HOW JOURNALISTS SHOULD EVALUATE AI

Six questions before adopting any AI system

1 What problem
are we solving?

2 Why does this
require AI?

3 What data and
systems are 
involved?

4 What happens
when it is wrong?

5 Where does human
judgment belong?

6 Who is this
actually serving?

Keep these in mind as we look at what newsrooms actually built.
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PART 3 · JOURNALISM AND THE MEDIA SYSTEM

Two transformations are happening at once

Inside newsrooms

• summarize
• transcribe
• translate
• analyze documents
• monitor public meetings
• search archives

Outside newsrooms

• AI search and chatbots answer 
directly
• fewer visits to original publishers
• loss of audience relationship
• business model pressure

Newsrooms may become better at producing journalism while losing 
control over how audiences encounter it.
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Five-minute break
When we return: what U.S. newsrooms actually built with AI, 2022–2025.
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PART 4 · UNPUBLISHED FIELD REPORT

What U.S. newsrooms actually 
built with AI
A field report on U.S. newsroom AI projects, 2022–2025

160
projects

101
news 

organizations

2022–25
publicly 

documented
window
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https://aimap.padejski.net/


The dataset shows public activity, not everything 
happening

• Every entry had at least one public source
• Large, digital-first and funded organizations are 
more visible
• Small local, broadcast and Spanish-language 
newsrooms are likely undercounted
• Domain counts can overlap because a project can 
serve more than one function

Best read as a catalog of documented experimentation, not a complete 
census of AI use.

Editorial
80

Audience
55

Business
32
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Experimentation accelerated quickly

Three years after ChatGPT, AI 
moved from a few early 
adopters into ordinary 
newsroom operations.
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What they built: most projects optimize existing work

The dominant 
pattern is not 
reinvention. It is 
acceleration.

Summarization, drafting and 
workflow automation show 
newsrooms using AI to do 
familiar work faster.

Source: Padejski field report draft. Multi-select application categories. 22



PATTERN 1

Efficiency: AI automates routine production work

• summaries, transcription and 
translation
• headlines, SEO and social 
posts
• newsletter and alert workflows
• copyediting and formatting 
support

Useful, but not automatically 
transformative.

Internal production assistants are often safer 
because humans review output before 
publication.
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CASE INSIDE PATTERN 1

Jersey Bee: automate the workflow, not the journalism

• AI supports collection, 
summarization and routing
• Editors still review, select and 
contextualize
• The problem came first: serving 
many local communities with 
limited staff

This is the participant-survey aspiration in practice: “automate repetitive newsroom 
workflows rather than journalism itself.”
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PATTERN 2

Expanded reporting capacity: AI helps cover what 
humans could not monitor

The strongest journalistic uses are often not about generating more content.

Public
meetings

275+ meetings
monitored by one system

Documents

thousands of pages
triaged and searched

Podcasts

hours of political audio
surfaced for review

Data

plain-language queries
for complex datasets

AI extends the surface area of what a newsroom can see. Reporters still 
verify, interpret and report.
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CASE INSIDE PATTERN 2

DataTalk: AI that helps journalists ask better questions

Not all AI tools need to 
generate content.
• translates plain-English 
questions into SQL
• keeps the query visible and 
inspectable
• lowers the cost of 
accountability reporting
• centers process, evidence 
and verification

26



PATTERN 3

Journalism as utility: help people do something

A smaller group of projects uses AI to turn reporting and public data into services.

• property-tax protest guidance
• restaurant health inspection 
tools
• immigration information 
assistants
• climate and archive explainers
• election and civic information 
hubs

From “read our story” 
to “tell us what you 
need to know or 
accomplish.”

Story Service
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PATTERN 4

Public-facing AI fails in public

The risk is newsroom reputation, not just hallucination.

Internal tool

mistake caught
before publication

Reader-facing tool

mistake reaches
the audience

Newsroom reputation carries the cost, not the model provider.
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News chatbots were popular. Many struggled.

23 news chatbots

• high maintenance costs
• stale knowledge bases
• unclear audience need
• accuracy risk in public
• product-market fit still 
uncertain

Core question: why would an audience come to a newsroom chatbot instead of a 
general-purpose assistant?
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PATTERN 5

The business gap: least built where the threat is 
greatest

News leaders worry about 
traffic, audience behavior 
and business models. But 
relatively few projects 
target revenue, 
subscriptions or 
fundraising.

A warning: if AI changes how people find 
news, efficiency alone will not solve the 
problem.
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PATTERN 6

The barrier to building is dropping
AI-assisted coding (vibecoding) and agentic workflows change who can prototype newsroom 
tools.

Reporter
knows problem

AI-assisted
prototype

Newsroom
workflow tool

This expands the set of problems that can be solved — but raises new 
questions about security, maintenance and governance.
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What should your newsroom build?

“Start with the problem, not the 
technology.”

Write one sentence:

• I wish I did not have to…
• Our newsroom cannot…
• Our audience needs…

Then ask: is this efficiency, reporting 
capacity, audience utility or business 
sustainability?
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Five takeaways

• AI is not magic. It is technology inside systems, organizations and 
stories.
• Understanding the model is no longer enough; understand retrieval, 
tools and agents.
• AI is strongest at processing, scale and repetitive workflows.
• Journalism still depends on sources, verification, judgment and 
accountability.
• Efficiency is useful, but the biggest opportunity is expanding what 
journalism can cover and do.

Start with the problem, not the technology.
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RESOURCES

Stay in touch
padejski@stanford.edu

www.linkedin.com/in/padejski

www.padejski.net

Thank you!
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